
University of Nebraska - Lincoln
DigitalCommons@University of Nebraska - Lincoln

Management Department Faculty Publications Management Department

2015

Diffusion of innovation: customer relationship
management adoption in supply chain
organizations
Vicky Ching Gu
University of Houston, Clear Lake

Marc J. Schniederjans
University of Nebraska - Lincoln, mschniederjans1@unl.edu

Qing Cao
University of Houston, Downtown

Follow this and additional works at: https://digitalcommons.unl.edu/managementfacpub

Part of the Business Administration, Management, and Operations Commons, Management
Sciences and Quantitative Methods Commons, and the Strategic Management Policy Commons

This Article is brought to you for free and open access by the Management Department at DigitalCommons@University of Nebraska - Lincoln. It has
been accepted for inclusion in Management Department Faculty Publications by an authorized administrator of DigitalCommons@University of
Nebraska - Lincoln.

Gu, Vicky Ching; Schniederjans, Marc J.; and Cao, Qing, "Diffusion of innovation: customer relationship management adoption in
supply chain organizations" (2015). Management Department Faculty Publications. 202.
https://digitalcommons.unl.edu/managementfacpub/202

https://digitalcommons.unl.edu?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
https://digitalcommons.unl.edu/managementfacpub?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
https://digitalcommons.unl.edu/managementdept?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
https://digitalcommons.unl.edu/managementfacpub?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
http://network.bepress.com/hgg/discipline/623?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
http://network.bepress.com/hgg/discipline/637?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
http://network.bepress.com/hgg/discipline/637?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
http://network.bepress.com/hgg/discipline/642?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages
https://digitalcommons.unl.edu/managementfacpub/202?utm_source=digitalcommons.unl.edu%2Fmanagementfacpub%2F202&utm_medium=PDF&utm_campaign=PDFCoverPages


EMPIRICAL ARTICLE Open Access

Diffusion of innovation: customer relationship
management adoption in supply chain
organizations
Vicky Ching Gu1, Marc J Schniederjans2* and Qing Cao3

* Correspondence:
mschniederjans1@unl.edu
2C. Wheaton Battey Distinguished
Professor of Business, College of
Business Administration, University
of Nebraska-Lincoln, Lincoln, NE
68588-0491, USA
Full list of author information is
available at the end of the article

Abstract

The successful diffusion of innovations in rapidly changing supply chain
technological environments is essential to support operations and supply chain
management functions. In this paper we conceptualize and develop a framework for
research into the diffusion of innovations in organizations pertaining to software
adoption in supply chain management. Incorporating Task-Technology Fit theory
with a network externalities model, we develop a novel approach in customer
relations management (CRM) software adoption. An empirical study using Partial
Least Squares (PLS) on data from US supply chain managers is utilized to confirm the
usability of the proposed framework as well as confirming the efficacy of the
proposed combined methodological approach suggested in this paper. The results
also show the direct and indirect network externalities of system quality, ease of use,
system reliability, and authority can moderate the CRM adoption relationship in
organizations, suggesting the possibility that other moderating network externality
variables may impact CRM adoption.

Keywords: Innovation diffusion; Customer relations management; System quality;
Software adoption

Background
Organizational innovation can be viewed as a value added structure, practice, or technol-

ogy new to the organization adopting it [75]. Organizational innovation has also been de-

fined simply as “the adoption of an idea or behavior that is new to the organization

adopting it” [17]. Diffusion, a related subject, is a process by which innovation spreads

among or within organizations [63]. Supply chain managers adopt and integrate innova-

tively new structures, practices, and technologies and diffuse them in areas of responsibil-

ity throughout their organizations. In this paper we study the diffusion of an innovation

(i.e., a customer relations management (CRM) software application) within supply chain-

oriented organizations.

Few business fields require more continuous change, innovation, re-innovation, and

subsequent diffusion of those innovations than supply chain management. As Slone

et al. [67] point out; keeping up with supply chain technologies is essential to achieving

supply chain excellence. A key technology element supporting supply chain activities,

according to Slone et al. [67], is the software systems used to provide information flow
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on which decisions are made. Supply chain managers employ ERP systems in their sup-

ply chains, which utilize a modular set of software applications to support the opera-

tions of organizations. One example of a module is customer relations management

(CRM) software, which in its adoption can constitute an innovation. CRM can be de-

fined as a cross-functional process that seeks to enhance customer value by integrat-

ing information technology and relationship marketing strategies [45]. The

relationship and importance of CRM to supply chain management is clearly docu-

mented in supply chain literature. Kleindorfer and Saad [43] suggest the CRM mod-

ule in ERP systems is a critical element of a supply chain network. Kleindorfer and

Saad [43]; Hvolby [36] also suggest that CRM use represents a growing trend in sup-

ply chain management.

Generally, software is a technology that can be evaluated in terms of usability (i.e., fit)

and benefits it brings to an organization. One of the evaluation methodologies relevant to

this paper is the task-technology fit (TTF) model. TTF is an evaluation scheme proposed

by Goodhue [28] for evaluating information technology in terms of the task it is expected

to perform, the nature of the technology itself, and the individuals who will use it. TTF

model conjectures that a better fit between technology functionalities, task requirements,

and individual capability will lead to better performance [28]. The better the fit of technol-

ogy the better the opportunity to enhance or innovate quality results from software. Sup-

ply chain benefits of software use, beyond the informational value, include what Katz and

Shapiro [39, 40] refer to as network externalities (e.g., the value of information technology

is dependent on the number of others using it). Network externality posits that the more

a technology is adopted, the more value it is perceived to have for any particular user and

therefore, the greater the desire to adopt and use it [40, 52]. In this paper, we argue that

both the TTF evaluation scheme and the perceived network externality benefits in CRM

are critical success factors in any adoption procedure of software in supply chain

management.

We selected CRM as a technology adoption in this study because of its current import-

ance as a basis for collaboration between marketing and operations/supply chain manage-

ment. Collaboration between functional areas, like marketing and operations, is currently

the focus of considerable research interest [22, 23, 49, 58]. Relevant to the subject of qual-

ity innovation, collaboration and knowledge sharing across organizational boundaries are

important factors in broadening the opportunities for innovation in quality management.

There is a need for such research considering Li [49] found that the conflict between mar-

keting and supply chain management caused moderating effects in supply chain perform-

ance. In addition, both academic [21] and practitioner [31] literature have extolled the

critical value of the use of CRM within organizations who view supply chain management

as strategically important.

In reviewing CRM adoption literature there appears to be little attention given to the

supply chain perspective regarding the innovation diffusion of CRM software selection

in ERP systems. Only one paper directly dealt with supply chain management and

CRM adoption [10]. Cheng [10] compared institutional theory to organizational learn-

ing theory in the context of adopting CRM as a social/behavioral action to legitimize

its use. While other reasons, including the acquisition of knowledge, were factors in

supply chain software acquisition, Cheng’s study did not address the linking of CRM

adoption to innovation diffusion in the context of supply chain management.
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To fill the research gap linking supply chain and innovation diffusion we developed an

integrated model of adoption for CRM in the context of supply chain management. Our

integrated model is a viable approach to the adoption of this technology, because it com-

bines TTF quality theory [27] with network externalities [39, 40]. Because CRM is a tech-

nology that provides the most value when it is systemic (i.e., other firms also adopt), we

argue that network externalities have a distinct moderating effect on CRM adoption.

The rest of the paper is organized as follows. We discuss relevant literature in the

second section. In the third section, we explain the specific relationships in our model

and describe how network externalities moderate the relationships between the TTF

model constructs and adoption. Our survey and our statistical procedures are presented

in the fourth section. In the fifth section we present our results. Managerial and re-

search implications are discussed in the sixth section. Some limitations and suggestions

for future research are presented in the seventh section.

Literature review
The study of technical innovations has been undertaken using theories that explicitly take

into account characteristics of the particular technology [9, 14]. Chau and Tam’s [9] study

of the adoption of open systems is based on the technology-organization-environment

(TOE) framework and notes that “the innovation is primarily of a technical nature” [9].

Elsewhere, an extensive research program to study the adoption of e-business has also ap-

plied the TOE framework. Here a technical innovation is defined as the use of the Internet

with its associated standards and protocols [78]. The adoption of electronic data inter-

change (EDI) has been investigated using the diffusion of innovation (DOI) theory [60].

Also, the adoption of computer networks for academic research [32] and EDI [14] has

been investigated and been shown to explain how these technologies possess network ex-

ternalities. While several theories may be appropriate for investigating the adoption of

technical innovations, the salient point is that in each of the studies listed above, the au-

thors selected a theory that considers the technical characteristics of the innovation.

Task characteristics, technological characteristics, and task-fit (TTF) theory [28] sug-

gest IT is more likely to have a positive impact on individual performance and will be

used if the capabilities of the IT match tasks the user must perform. Goodhue and

Thompson [27] developed a measure of TTF that includes eight variables: quality,

locatability, authorization, compatibility, ease of use/training, production timeliness,

systems reliability, and relationship with users. Zigurs and Buckland [79] extended the

TTF model by examining the impact of task-fit on group performance.

We argue the TTF model is a suitable theory for the study of CRM adoption for sev-

eral reasons. First, our reasoning is based on the relationship between the IT

innovation and the primary business process of organizations. A business process is a

set of activities or tasks to produce a specific output [18]. In other words a business

process serves a particular goal. The primary business process constitutes the core

business and creates the primary value stream. Hence, these goal-oriented activities or

tasks need to be considered to investigate the adoption of business process IT innova-

tions. In information systems (IS) literature the task-technology fit (TTF) perspective

“views technology as a means by which a goal-directed individual performs tasks” [28].

TTF suggests that the better fit between technology and the required task, perform-

ance of the organization will be improved. TTF does not look at features of technology
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in isolation, but rather how these features align with the requirements of a task or tasks

to achieve organizational goals. As such, the adoption of IT innovation can be ex-

plained by the intention of the organization to improve organizational performance

through the fit between task and technology. Secondly, TTF has been mainly used to

explain the adoption of IT innovations by individuals [20], while Cooper and Zmud

[16] suggest a link between TTF and adoption at the organizational level. Ozdemir and

Abrevaya [55] examined the adoption of technology-mediated distance education

through a TTF lens. This technology changes how distance education is delivered and

therefore, is a business process IT innovation. In addition, while some studies have

not used the term “task-technology fit”, they still investigate similar constructs as

those in TTF. For example, compatibility is often used in innovation adoption studies,

specifically, the compatibility between task and technology, which is very similar to

the concept of task-technology fit [16]. Thus, the TTF perspective matches well with

the characteristics of business process IT innovations that change how goal-oriented

tasks are performed. Third, the precedent in prior literature examined interorganiza-

tional systems, a type of business process innovation using the TTF theory (e.g. [14,

30]). Because CRM enables the transfer of information to partners along the supply

chain, it is an interorganizational system [66]. We, therefore follow the precedent set

in prior literature and affirm the arguments of other researchers, who found the

adoption of interorganizational systems to be well-explained by TTF theory. Thus,

TTF theory appears to be an appropriate choice for this research.

In spite of prior empirical support for TTF theory it has limitations. One limitation

we discerned in the theory framework is that while it has been used to investigate inter-

oganizational systems, it does not consider the possible interorganizational impact of a

technology. We suggest the predictive power of TTF-based models of adoption can be

enhanced by integrating network externalities with the TTF framework, a topic upon

which we will expand in the next section as our hypotheses are developed.

Research model and hypotheses development
Research model design

In the present paper we seek to extend the task-technology fit (TTF) theory [28] by in-

tegrating the network externalities concept [39, 40] into the TTF model in predicting

IT (CRM) adoption. More specifically, we examine how the task-technology fit and net-

work externalities influence the CRM adoption. Further we explore the alignment be-

tween the TTF and network externalities and its impact on CRM adoption. All of the

above relationships are depicted in Fig. 1.

While the direct link between the task-technology fit and network externalities and

CRM adoption are explicit in IT adoption research [28, 65, 79], the theoretical under-

pinning of the interaction between TTF and network externalities is more implicit and

less researched area. We argue that the network externalities and TTF or the fit between

CRM system and the major business processes of the firm are not two independent forces

driving the adoption of CRM system. The two forces interact with each other. Network

externalities moderate the relationship between TTF dimensions and the adoption of

CRM system, which serves as an enhancer. In other words, the benefits of TTF will be in-

creased if more firms are using CRM system. Therefore, if a firm believes there is a good
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fit between CRM system and business processes (TTF) and also see many adopters of

CRM system in its network, they will be more likely to adopt the CRM system.

TTF model

Our research was built based of the TTF framework. We tailor our task characteristics,

technological characteristics, and task-fit antecedents to the specific context and

innovation, as suggested in prior research [9, 27, 65]. We then go beyond existing re-

search, based on the TTF framework, by integrating it with network externalities that

moderate the relationships between the TTF factors and adoption. We integrate net-

work externalities with the TTF framework, because CRM is an approximate informa-

tion technology that provides value to the organization on its own, yet provides even

greater value as partner organizations begin to use it. This is particularly true for supply

chain-oriented firms who are dependent on supply chain partners. Our research model

is illustrated in Fig. 1. Detailed rationales for each of our hypotheses follow.

Building on rational choice theory (i.e., decision maker balances costs against benefits

to arrive at action that maximizes personal advantage), Delone [19]; Goodhue [28] ar-

gued the antecedents in technology adoption by an organization are the characteristics

of the technology as perceived by the organization as a whole. For instance, the task–

technology fit model argues that users form an opinion of suitability of a technology

based on perceptions of how the technology fits their task requirements [28]. The fit

between the task and the technology is also likely to be examined by members during a

group interaction process (e.g., [65, 79]). The group’s perceptions regarding the fit of

the technology for the group’s task at hand will positively influence the adoption intent

towards the technology. This leads to the following hypothesis:

Hypothesis H1: The user’s perception regarding the fit of CRM for its task will

positively affect the adoption of CRM in supply chain organizations.

Goodhue and Thompson [27] tested the specific IS properties/technology characteris-

tics, including information quality, locatability, authorization, system reliability, and

ease of use. Specifically, Goodhue [28] found the ability to create or innovate with in-

formation quality or ease of use facilities could be inhibited or enhanced by perceptions

of these technology characteristics. Goodhue [28] also validated the TTF characteristics

with an empirical study in manufacturing and supply chain distribution systems as they

H3

H2

Task-
Technology Fit

CRM 
Adoption

Network
Externality

H1

Fig. 1 Research model
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relate to technology adoption. Others have also tested the characteristics relating to tech-

nology adoption supporting a theoretical foundation for the development of further hy-

potheses. Briggs et al. [6] has shown technology adoption can be impacted by the

perception of ease of use. Zigurs and Buckland [79] developed a specific theory relating

TTF characteristics to technology adoption decisions. Sarker and Valachich [65] found

ease of use and other TTF characteristics impacted technology adoption. We treat “locat-

ability” as part of “ease of use”. Hence, we include the following four sub-hypotheses:

Hypothesis H1a: The user’s perception regarding system quality will affect the

adoption of CRM in supply chain organizations.

Hypothesis H1b: The user’s perception regarding ease of use will affect the adoption

of CRM in supply chain organizations.

Hypothesis H1c: The user’s perception regarding system reliability will affect the

adoption of CRM in supply chain organizations.

Hypothesis H1d: The user’s perception regarding authorization will affect the

adoption of CRM in organizations.

Network externalities

When the value of an innovation relies on the number of other users who adopt that

innovation, positive adoption externalities, also known as network effects or network ex-

ternalities, exist [39, 40]. Network effects can be either direct, which are the physical effects

of being able to exchange information, or indirect, which arise from organizational inter-

dependencies in the use of complementary goods [39, 40, 77]. A positive direct network

effect is witnessed by the value of a telephone as more users become part of a telecommu-

nication network. A positive indirect network effect is evidenced by how the usage of a

complementary product or network (e.g., a faster computer operating system) increases

the value of other computer software products (e.g., other software applications). Sahav

and Riley [64] have shown pursuing direct network externality effects can help develop in-

direct network effects in new product development innovation.

Numerous technologies are said to generate network effects, including computer net-

works for academic research [32], EDI [14], and open-standard interorganizational sys-

tems [1, 61, 78]. Choi et al. [13] argued that the availability of software (e.g., open

source) provided positive network externality effects. In each case the value of being a

member of the network of adopters increases with each additional adoption decision.

For instance, EDI increases in value as partners in a supply chain adopt it. In contrast

if only one firm adopts EDI, it only gains a new data format and new standards. In this

case there is no positive network externality effect benefit to be gained by exchanging

newly standardized information with partners.

“Technologies that are subject to network externalities, have unique characteristics

and traditional explanations of innovation diffusion, do not accommodate those charac-

teristics,” [41]. Therefore, we chose to integrate network externalities with TTF theory

in our research model, because of the strength of TTF theory for adoption research

and its ability to consider organization characteristics. A particular strength of the eco-

nomic approach to adoption via network externalities is that interorganizational im-

pacts of a technology can be examined. Complementarity between two theoretical

approaches can be detected by understanding the fact that organizations adopt
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innovations when there is a “critical mass” of fellow adopters. This is an idea within

organizational research that is markedly similar to network externalities [32, 62]. Thus,

an economics approach can be paired with a framework that explains the diffusion of

an innovation providing unique insights and developing a comprehensive model of the

adoption of innovations [32]. The inclusion of network externalities in our research

model enables us to go beyond the TTF theory rationale for organizational adoption to

examine how interorganizational effects also contribute to adoption.

CRM is a technology that possesses significant network effects in addition to its

stand-alone benefits [48]. CRM, like ERP and other interorganizational systems, allows

a firm to benefit from both direct network effects such as exchanging object informa-

tion with business partners and indirect network effects resulting from interdepend-

ency. All direct network effects arise from sharing information. Similarly, as more

companies adopt CRM, the prices of hardware, software applications, and middleware

should decline as the size of the market increases due to economies of scale, competi-

tion, and technological development. Furthermore, the ease with which consulting ex-

pertise can be accessed should increase. These benefits are indirect network effects.

Therefore, we hypothesize:

Hypothesis H2a: Higher levels of perceived direct network effects are positively

associated with the adoption of CRM in supply chain organizations.

Hypothesis H2b: Higher levels of perceived indirect network effects are positively

associated with the adoption of CRM in supply chain organizations.

Moreover, we suggest not only a direct effect of network externalities on adoption,

but also an indirect effect as well. Specifically, we posit that direct and indirect network

effects will strengthen the positive relationship between the fit of CRM for its task and

the adoption of CRM in organizations. While there is no CRM or software-based re-

search to support our posit, prior research on food service has shown traceability can

create positive network externalities in a supply chain that can moderate the willing-

ness of manufacturers to pay for technologies needed to undertake the innovation [69].

Also, Wareham et al. [76] found that network externalities have an impact on supply

chain performance and can lead to more efficient, direct and indirect flows in

information.

We argue CRM is a technology that possesses network externalities and therefore,

hypothesize:

Hypothesis H3a: Higher levels of perceived direct network effects will moderate the

relationships between TTF and the adoption of CRM in supply chain organizations.

Hypothesis H3b: Higher levels of perceived indirect network effects will moderate the

relationships between TTF and the adoption of CRM in supply chain organizations.

Methods
Sample

The unit of analysis in this study is the company and the respondents of the survey in-

clude IT decision makers in supply chain companies (e.g., CIO, CTO, or the Director

of IT). An initial pool of companies was randomly chosen from the North American
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Industry Classification System (NAICS) Manual. Validating questions in the survey

were used to confirm the strategic importance of supply chain management and the

use of information systems to support specific supply chain activities within the sample

organization.

We distributed a total of 1,000 questionnaires in a single mailing by US Postal

Service. We received 201 responses with 178 usable ones rendering a response rate of

17.8 %. The unusable surveys comprise of those firms that adopted CRM or responses

that did not contain adequate data for further analysis. Given the unit of analysis is the

firm and the questionnaire involves extensive organizational level questions, the re-

sponse rate is considered as acceptable [29].

To examine possible non-response bias, we compared the companies that responded with

non-responding companies. There is no statistically significant difference (at the p < 0.1

level) when comparing the distributions of company size (i.e., the number of employees)

showed [25]. Table 1 presents the descriptive statistics of the respondents.

Questionnaire construction and operationalization of constructs

The TTF construct measures were adapted from survey instruments used by Kositanurit

et al. [46]. There are four dimensions in task-technology fit in their study, including sys-

tem quality, ease of use, authorization, and system reliability. The perceived value of a net-

work has been explored in various studies ([26, 41]), and perceptual measures have been

developed [56, 78]. We adopted both direct and indirect network externalities measures

Table 1 Descriptive statistics of the sample

Characteristics Number of respondents Percentage of respondents

Type of industry

Manufacturing (NAICS 31–33) 60 34 %

Construction (NAICS 23) 35 19 %

Mining, quarrying, and oil and gas extraction (NAICS 21) 32 18 %

Transportation and warehousing (48–49) 28 16 %

Utilities (NAICS 22) 23 13 %

Total 178 100 %

Number of employees

Less than 500 25 14 %

Between 500 and 1000 98 55 %

More than 1000 55 31 %

Annual sales (in millions)

Less than 100 23 13 %

>100–500 87 49 %

Between 500 and 1 billion 52 29 %

More than 1 billion 16 9 %

Respondent’s job position

CIO 78 44 %

CTO 59 33 %

IT director 41 23 %

Avg. number of yrs. in position 5.3 years
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from the study by Song et al. [68]. There are a total of 18 items measuring 3 constructs (7

variables) in our proposed CRM adoption model. The items from the survey instrument

are shown in Table 2. Control variables in our study included firm size, department size,

and industry.

We conducted a pilot study by distributing the preliminary questionnaire to IT exec-

utives in several supply chain oriented companies located in a midwest city. We asked

IT executives to evaluate the degree to which the preliminary questionnaire captured

Table 2 Survey items, reliability, factor loadings and convergent validity

Construct
(Reliability α)

Survey items Indicator Loadings
(**p < 0.01)

Convergent validity
(t-statistic)

Direct network
externality (0.83)

My company would be willing to pay
more for CRM system if more people
use the system.

Dir1 0.80** 9.83

Having CRM system is a status symbol
for my company.

Dir2 0.75** 8.77

Indirect network
externality (0.85)

The more CRM applications available, the
more valuable CRM is to my company.

Ind1 0.76** 9.03

The more CRM middleware available, the
more value of CRM is to my company.

Ind2 0.78** 9.91

There are a lot of companies that have
adopted CRM system.

Ind3 0.83** 11.25

The more companies which have CRM
systems, the more valuable CRM system
is to my company.

Ind4 0.80** 10.38

Intend to adopt
(n/a)

How likely will your company adopt CRM
system in the next 12 months?

Int1 n/a n/a

System quality
(0.91)

The data provided by CRM system is
up-to-date enough for my purposes.

Curr 0.89** 16.35

The CRM system available to me is
containing critical data that are very
useful to me in my job.

Rdat 0.87** 15.21

The CRM system maintains data at
an appropriate level of detail for my
group’s tasks.

Rdet 0.83** 12.17

The exact definition of data fields relating
to my tasks is easy to find out.

Mean 0.85** 13.36

Ease of use
(0.84)

It is easy to learn how to use the CRM
system.

Eou1 0.82** 11.34

The ERP system I use is convenient and
easy to use.

Eou2 0.83** 12.12

There is a lot of training for me or my
staff on how to find, understand, access
of use the ERP system.

Tran 0.79** 10.84

System reliability
(0.80)

The CRM system I use is not subjected
to unexpected or inconvenient down
times which makes it harder to do
my work.

Reli1 0.78** 9.47

The CRM system I use is not subjected
to frequent system problems and crashes.

Reli2 0.81** 10.38

Authorization
(0.77)

Data that would be useful to me are
available because I have the right
authorization.

Aut1 0.75** 8.86

Getting authorization to access data that
would be useful in my job is easy and
convenient.

Aut2 0.68** 7.35
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the constructs (variables) and to assess the level of difficulties of the preliminary ques-

tionnaire. Subsequently, we revised the questionnaire based on the feedback from the

pilot study to gather responses from IT executives’ supply chain organizations. The

dependent variable is “intent to adopt” and it was measured as a categorical variable on

a seven-point Likert scale (1–7), where 1 = no plan; 4 = neutral; 7 = definitely. Table 3

shows the correlation matrix.

Instrument validation

To assess the overall instrument validity, we examined scale reliability, unidimensional-

ity, criterion-related validity, convergent validity, and discriminant validity [5, 71].

Cronbach’s alpha is the de facto method of assessing the scale reliability in information

systems research [8, 57]. We calculated Cronbach’s alphas for all constructs and vari-

ables in the conceptual model [24, 74]. The Cronbach’s alpha values shown in Table 2

were all greater than the threshold value of 0.70 for adequate reliability [53]. The scale

items used in this research were thus considered reliable.

The unidimensionality test provides evidence of a single latent construct [24]. In this

study, we employed Confirmatory Factor Analysis (CFA) to test the unidimensionality

of the constructs as CFA is considered as a better technique for assessing unidimen-

sionality than Exploratory Factor Analysis (EFA) [2, 54]. Table 2 shows the CFA loading

results ranging from 0.68 to 0.89 (or moderate to high CFA loadings). Additionally,

Table 2 also shows t-values for scale items were between 7.35 and 16.35, exceeding the

2.0 rule of thumb for significance of scale items. As such, the unidimensionality is con-

firmed in the study.

Convergent validity concerns the degree to which multiple methods of measuring a

variable provide the same results. Stand-alone indices (LISREL) are used to test conver-

gent validity.

Table 4 presents the summary of the CFA fit indices of the research framework for

both one-factor and two-factor models. While GFI, AGFI, CFI, and IFI values exceeded

the minimum cutoff value of 0.90, values of RMSEA (0.061), χ2 (significant at level of

0.01), and χ2/df (2.15) met the requirements for good fit. In addition, the Critical N

Table 3 Correlation matrix

Correlations

Variables 1 2 3 4 5 6 7 8 9 10

1. System quality 1

2. Ease of use 0.12 1

3. System reliability 0.34 0.11 1

4. Authorization 0.24 0.29 0.25 1

5. Direct network externality 0.22 0.26 0.19 0.23 1

6. Indirect network externality 0.28 0.23 0.21 0.25 0.29 1

7. Firm size 0.07 0.05 0.06 0.04 0.06 0.04 1

8. IT dept size 0.05 0.09 0.08 0.07 0.06 0.03 0.21 1

9. Industry 0.03 0.04 0.05 0.06 0.04 0.05 0.07 0.06 1

10. Adopt 0.36 0.31 0.27 0.26 0.32 0.28 0.08 0.05 0.04 1
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(77) was smaller than the sample size (178), indicating that the research model is a

good fit.

The results shown in Table 4 also suggest that for every pair of Stand-alone indices in

the measurement model, a two-factor model had a better fit than that of a one-factor

model, demonstrating satisfactory discriminant validity [3, 15, 33, 34, 38, 42, 44].

Taken together, the constructs and measuring items in this study have good conver-

gent and discriminant validities.

The structural model

In this study two types of structural equation modeling (SEM) were used in data ana-

lyses. While LISREL (i.e., a covariance-based SEM) was used for construct validity tests

(see the previous section), partial least squares (PLS) was employed to test the theoret-

ical structural model based on some of its advantages over LISREL [11, 12]. The rea-

sons for using PLS in hypotheses testing are three-fold. First, PLS can be used to model

latent constructs as either formative (superordinate constructs) or reflective indicators

(unmeasured latent constructs) [12, 72]. Secondly, PLS is a component based approach,

and as such, it is relatively robust to deviations from a multivariate distribution not re-

quiring a large sample size [12]. Finally, PLS makes for stronger predictions as com-

pared to LISREL. This research is prediction-oriented in nature.

We used PLS 3.0 to examine the structural model and our hypotheses. The predictive

validity of the model was assessed by looking at the R2, because PLS does not provide

an overall goodness of fit index. To estimate the effects of interacting variables, we

employed a two-step estimation approach [59]. The first step of the approach involves

calculating the loading and error variance for the single indicator of the latent product

using measurement model parameter estimates. The second step fixes the loading and

error variance at their calculated values in the structural model. For example, in order

to test the interaction of system quality with direct network externalities we first cen-

tered the three variables: (1) system quality of CRM, (2) direct network externalities,

and (3) intent to adopt by replacing raw scores with deviation scores. In the second

step we summed scores of each latent variable to form a latent product. Then, the sin-

gle indicator of the latent product (interaction) was formed by multiplying the totaled

scores for both benefits of CRM and direct network externalities.

Results
Table 5 reports PLS results for the SEM analysis, which provided strong support for

our hypotheses. Table 5 presents two models: Model (1) shows the results without

interaction effects, and Model (2) exhibits results with interaction effects. Model (2)

with the interaction effects yielded the highest R2 values. The significant r values

Table 4 Summary of CFA fit indices

χ2 df χ2/df GFI AGFI CFI IFI RMSEA Critical N

(p<0.01)

Recommended
values

<3.0 >0.90 >0.90 >0.90 >0.90 <0.06 < N

Fit indices
values

135.21 63 2.15 0.96 0.93 0.94 0.95 0.061 77
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ranging from 0.24 to 0.38 confirm that the four dimensions of the TTF construct per-

taining to task characteristics (i.e., system quality, ease of use, system reliability and

authorization) are associated with the intention of CRM adoption. This supports the

acceptance of H1a, H1b, H1c, and H1d, lending credence to our research model and

therefore, the use of the TTF theory approach. In addition, the technology characteris-

tics found in the TTF construct dealing with network externalities also had significantly

significant r values (0.24 and 0.23 respectively). This supports the acceptance found in

H2a and H2b, where higher levels of perceived direct and indirect network effects are

positively associated with the intent to adopt CRM in supply chain organizations.

The moderating effect of network externalities on the TTF construct is tested in

H3a and H3b. All the interacting effects were shown significant in model (2) and as

such both H3a and H3b are supported. In other words, the direct and indirect net-

work externalities moderate the relationship between system quality, ease of use, sys-

tem reliability, and authority and intent to adopt CRM. Moreover, Table 5 indicates

that Model (2) research model considering interaction effects of network external-

ities outperforms Model (1) - model without interaction terms as R2 value for Model

(2) (i.e.,43 %) is great than that of model 1 (35 %). This further supports our argu-

ment that the TTF model integrating with network externalities is a viable model for

this study.

Table 5 Results of SEM analysis (dependent variable: intend to adopt)

Model (1) Model (2)

TTF

System quality 0.38*** 0.41***

Ease of use 0.28** 0.30*

System reliability 0.36*** 0.37**

Authorization 0.24** 0.26**

Externality

Direct externality 0.24* 0.25*

Indirect externality 0.23* 0.24*

Interaction effects

System Quality x Direct Network Externality 0.25**

System Quality x Indirect Network Externality 0.23**

Ease of Use x Direct Network Externality 0.24**

Ease of Use x Indirect Network Externality 0.20*

System Reliability x Direct Network Externality 0.28**

System Reliability x Indirect Network Externality 0.21*

Authorization x Direct Network Externality 0.19*

Authorization x Indirect Network Externality 0.20*

Firm size 0.07 0.08

IT department size 0.06 0.07

Industry 0.05 0.06

χ2 Statistic 147.7 167

Degrees of freedom 67 73

Adjusted R-square 35 % 43 %

Where p < 0.1, *p < 0.05, **p < 0.01 ***p < 0.001
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Lastly, we found no significance among control variables (e.g., firm size, department

size and industry) in the research models. This further strengthened our results.

Discussion
The results of the study have implications for researchers and practitioners. This paper

makes several unique contributions advancing the diffusion of innovation literature re-

lated to software adoption and supply chain management:

1. Demonstrates the use and reliability of the TTF model in CRM adoption and as a

potential modeling tool to examine other supply chain technologies,

2. Identifies four characteristics or network externalities (i.e., system quality, ease of

use, system reliability and authorization) where the perception of these

characteristics is important in implementing or diffusing technology (i.e., software)

within supply chains, and

3. Reveals the perception of direct and indirect network externalities having a

potential to moderate technology adoption relationships in supply chain

organizations, suggesting the impact of other moderating variables should be

considered as factors in adoption and diffusion of technologies in supply chains.

The significance of the direct effect of task, technology and fit (in H1) on CRM adop-

tion in supply chain organizations is consistent with the expectation of prior interorga-

nizational literature using TTF theory [14, 30, 47, 73]. Unique to this study is the set of

four characteristics (i.e., system quality, ease of use, system reliability and authorization)

demonstrating a robustness that strongly supports the use of TTF in software adoption

and the reliability of the proposed framework.

As previously stated, network externalities alone do not adequately explain

innovation diffusion [41]. The significance of the direct and indirect effects associated

with the adoption of CRM found in the H2a and H2b shows that integrating TTF the-

ory with network externalities, as in our model, enables researchers to go beyond TTF

theory and examine interorganizational effects that contribute to adoption. The impli-

cation for supply chain managers interested in adopting CRM software suggests that

the perception of factors such as system quality, ease of use and system reliability are

important in implementing or diffusing the software in supply chains. These findings

support the innovation adoption diffusion “critical mass” ideas suggested in Gurbaxani

[32]; Rogers [62], and in more recent research by Cheng [10], whose use of

organizational learning theory suggests adopting CRM is a social/behavioral action to

legitimize its use.

Another implication of this study is related to the moderating effect found in the sig-

nificant outcomes for H3a and H3b. These results show that the direct and indirect

network externalities of system quality, ease of use, system reliability, and authority can

moderate the CRM adoption relationship in supply chain organizations, suggesting the

possibility that other moderating network externality variables may impact CRM adop-

tion. These results further support the proposed use of network externalities in com-

bination with TTF for use in adoption situations. This is a unique finding that has not

previously been observed in the literature and represents a theoretical contribution to

the body of research related to TTF [20, 50]. In addition, it extends the supply chain
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literature related to diffusion of innovation [35, 51]. Melville and Ramirez [51] exam-

ined the direct effects of IT adoption and diffusion in the context of supply chain man-

agement information needs. Their model suggested higher IT innovation diffusion

might exist in industries with higher information processing requirements, whereas our

model’s moderating results suggest that other direct and indirect network externalities

should be considered as factors in adoption and diffusion of technologies in supply

chains. Direct network externality such as the status of having software and indirect

network externality such as the perception of competitors’ adoption of software alter

the adoption and diffusion of a software dependent supply chain. This finding may help

explain why some supply chain information system adoption and diffusion results are

not successful [35].

There are implications for practitioners concerned with CRM adoption as well. The

results of this study suggest user’s perceptions of the characteristics the system offers

are significantly related to the adoption and diffusion of technology in general and

more specifically in CRM. In the context of a firm that is dependent on supply chain

success, the CRM adoption decision can be influenced by the software decision maker’s

perception of how the software provides system quality, ease of use, system reliability,

and authorization in the transactions that support the firm and its supply chain. Specif-

ically, the more positively perceived these characteristics are in providing service to the

organization, the more likely the firm will adopt and successfully diffuse the CRM soft-

ware. This suggests supply chain managers should focus on promoting and educating

potential adopters of the CRM software with regard to these four characteristics to

overcome the perception of CRM adoption failure rates ranging from 55 to 75 % [37].

Another unique ramification for practitioners is related to network externalities.

Since both the direct and indirect network effects are found to be significant, this sug-

gests both the internal organization software used by a firm, as well as competitors’ and

supply chain partners’ use of software, impact the CRM adoption process. Thus, supply

chain dependent firms should not only focus efforts on exploring how CRM fits the

firm’s internal technology information needs, as Chan [7] suggested, but also how it in-

tegrates with external partners in the supply chain. Going beyond current research, the

results of our study also appear to suggest that positive network externalities aid in the

diffusion of CRM innovation if supply chain personnel understand the software’s im-

pact on the industry and its use by competitors. Perhaps the supply chain manager’s

role in adopting technology should include educating subordinates regarding competi-

tors’ usage of the same technology.

Limitations and future research
One limitation of this study is the reliance on executives’ opinions about their inten-

tions to adopt a CRM system. While the statistical analyses conducted in the paper

tend to support the reliability and validity of the measures derived from the survey

data, an intention does not always mean a subsequent action will take place. We believe

that additional credibility can be seen in comparing our consistent results using TTF

with the findings of prior TTF research. Further, because the sample is multi-industry

in character and includes supply chain-oriented firms in both manufacturing and ser-

vice organizations (specifically, supply chain oriented transportation and warehousing

firms), we are convinced the results are generalizable.
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Another possible limitation of our study may be its focus on only testing the four char-

acteristics of system quality, ease of use, system reliability, and authorization. Both the

type of characteristics and their number may constitute possible limitations. The four se-

lected appear frequently in the literature and are applicable to both IS ([9, 27, 30, 65]) and

supply chain [4, 70] studies related to software adoption. It is recommended that add-

itional characteristics be identified and explored utilizing the same methods presented

here to both confirm our methodological results and to extend the literature.

Competing interests
The authors declare that they have no competing interests.

Authors’ contributions
VCG, MJS, and QC jointly developed the research study, performed the analysis, and drafted the manuscript.
All authors have read and approved the final manuscript.

Author details
1Assistant Professor of Decision Sciences, Economics, Finance, Marketing and Decision Sciences Department, School of
Business, University of Houston Clear Lake, Houston, TX 77058-1098, USA. 2C. Wheaton Battey Distinguished Professor
of Business, College of Business Administration, University of Nebraska-Lincoln, Lincoln, NE 68588-0491, USA. 3Professor
of Supply Chain Management, Management, Marketing, and Business Administration Department, College of Business,
University of Houston-Downtown, Houston, TX 77002-1001, USA.

Received: 24 April 2015 Accepted: 1 July 2015

References
1. Au YA, Kauffman RJ (2001) Should we wait? network externalities, compatibility, and electronic billing adoption. J

Mngt Info Sys 18(2):47–63
2. Bogozzi RP (1980) Causal Models in Marketing. Wiley, New York
3. Bollen KA (1989) Structural Equations with Latent Variables. Wiley, New York
4. Bose I, Pal R, Ye A (2008) ERP and SCM Systems Integration: The Case of a Valve Manufacturer in China. Info &

Mngt 45(4):233–241
5. Boudreau M-C, Gefen D, Straub DW (2001) Validation in information systems research: a state-of-the-art assessment.

MIS Quart 25(1):1–16
6. Briggs RO, Akins M, Mittleman D, Kruse J, Miller S, Nunamaker JF (1999) A technology transistion model derived

from field investigation of GSS use aboard the U.S.S. Coronado. J Mngt Info Sys 15(3):151–195
7. Chan JO (2005) Toward a unified view of customer relationship management. J American Acad Bus 6(1):32–38
8. Chau PYK (1999) On the use of construct reliability in MIS research: a meta-analysis. Info & Mngt 35(4):217–227
9. Chau PYK, Tam KY (1997) Factors affecting the adoption of open systems: an exploratory study. MIS Quart 21(1):1–24
10. Cheng H-L (2010) Seeking knowledge or gaining legitimacy? Role of social networks on new practice adoption by

OEM suppliers. J Bus Res 63(6):824–831
11. Chin WW (1998) Issues and opinion on structural equation modeling. MIS Quart 22(1):vii–xvi
12. Chin WW (1998) The Partial Least Squares Approach to Structural Equation Modeling. In: Marcoulides GA (ed)

Modern Methods for Business Research. Psychology Press, London, pp 295–336
13. Choi CJ, Kim J-B, Tarek E (2005) The role of social conventions in the diffusion of open source software: implications

for service industries. Serv Indust J 25(6):789–801
14. Chwelos P, Benbasat I, Dexter AS (2001) Research report: empirical test of an EDI adoption model. Info Sys Res

12(3):304
15. Cooper DR, Schindler PS (1998) Business Research Methods. Irwin/McGraw-Hil, Burr Ridge, IL
16. Cooper RB, Zmud RW (1990) Information technology implementation research: a technological diffusion

approach. Mngt Sci 36(2):123–139
17. Daft RL (1978) A dual-core model of organizational innovation. Acad Mngt J 21(2):193–210
18. Davenport T (1993) Process Innovation: Reengineering Work Through Information Technology. Harvard Business

School Press, Boston
19. Delone WH (1988) Determinants of success for computer usage in small business. MIS Quart 12(1):51–61
20. Dishaw MT, Strong DM (1999) Extending the technology acceptance model with task-technology fit constructs.

Info & Mngt 36(1):9–21
21. Duffy R, Fearne A, Hornibrook S, Hutchinson K, Reid A (2013) Engaging suppliers in CRM: the role of justice in

buyer–supplier relationships. J Info Mngt 33(1):20–27
22. Erzurumlu S (2010) Collaborative product development with competitors to stimulate downstream innovation.

Intern J Innovation Mngt 14(4):573–602
23. Farasyn I, Humair S, Kahn J, Neale J, Ruark J, Tarlton W, Van de Velde W, Wegryn G, Willems S (2011) Inventory

optimization at Procter & Gamble: achieving real benefits through user adoption of inventory tools. Interfaces 41(1):66–78
24. Flynn BB, Sakakibara S, Schroeder RG, Bates KA, Flynn EJ (1990) Empirical research methods in operations

management. J Oper Mngt 9(2):250–285
25. Flynn BB, Schroeder RG, Sakakibara S (1994) A framework for quality management research and an associated

measurement instrument. J Oper Mngt 11(4):339–366

Gu et al. International Journal of Quality Innovation  (2015) 1:6 Page 15 of 17



26. Gallaugher JM, Wang Y-M (2002) Understanding network effects in software markets: evidence from Web server
pricing. MIS Quart 26(4):303–327

27. Goodhue DL, Thompson RL (1995) Task-technology fit and individual performance. MIS Quart 19(2):213–236
28. Goodhue DL (1995) Understanding user evaluations of information systems. Mngt Science 41(12):1827–1844
29. Griffin A (1997) PDMA research on new product development practices: updating trends and benchmarking best

practices. J Prod Innovation Mngt 14:429–458
30. Grover V (1993) An empirically derived model for the adoption of customer-based interorganizational systems.

Dec Sci 24(3):603–640
31. Gudman T (2012) Deriving competitive advantages in manufacturing MHD. Sup Chain Solutions 42(4):78–79
32. Gurbaxani V (1990) Diffusion in computing networks: the case of BITNET. Com ACM 33(12):65–75
33. Hoelter JW (1983) The analysis of covariance structures: goodness-of-fit indices. Soc Meth & Res 11(3):325–344
34. Hu L, Bentler PM (1998) Fit indices in covariance structure modeling. Psy Meth 3(4):424–453
35. Hung S-Y, Chang S-I, Ting C-P (2010) Understanding the key success factors of RFID use in supply chain management:

a Delphi study. Intern J Mobile Com 8(3):313–333
36. Hvolby H-H (2010) Challenges in business systems integration. Comp Indust 61(9):808–812
37. Johnson J (2004) Making CRM technology work. British J Admin Mngt 39(2):22–23
38. Jöreskog KG, Sörbom D (1993) LISREL 8: Structural Equation Modeling with the SIMPLIS Command Language.

Lawrence Erlbaum, Hillsdale, NJ
39. Katz ML, Shapiro C (1985) Network externalities, competition, and compatibility. Amer Econ Rev 75(3):424–431
40. Katz ML, Shapiro C (1986) Technology adoption in the presence of network externalities. J Polit Econ 94(4):822–841
41. Kauffman RJ, McAndrews J, Wang Y-M (2000) Opening the ‘black box’ of network externalities in network adoption.

Info Sys Res 11(1):61–83
42. Kim J, Mueller CW (1978) Introduction to Factor Analysis: What it is and how to do it. Sage Publications, Beverly Hills, CA
43. Kleindorfer PR, Saad GH (2005) Managing distruption risks in supply chains. Prod and Oper Mngt 14(1):53–68
44. Kline RB (1998) Principles and Practices of Structural Equation Modeling. Guilford Press, New York
45. Knox S, Maklan S, Payne A, Peppard J, Ryals L (2003) Customer Relationship Management: Perspectives from the

Market Place. Butterworth-Heinemann, London
46. Kositanurit B, Ngwenyama O, Osei-Bryson K-M (2006) An exploration of factors that impact individual performance

in an ERP environment: an analysis using multiple analytical techniques. Europ J Info Sys 15(6):556–569
47. Kuan KKY, Chau PYK (2001) A perception-based model for EDI adoption in small businesses using a technology-

organization-environment framework. Info & Mngt 38(8):507–521
48. Lee D, Mendelson H (2007) Adoption of information technology under network effects. Info Sys Res 18(4):395–413
49. Li L-Y (2011) Marketing metrics’ usage: its predictors and implications for customer relationship management.

Indust Mrkt Mngt 40(1):139–148
50. Mathieson K, Keil M (1998) Beyond the interface: ease of use and task/technology fit. Info & Mngt 34(4):221–230
51. Melville N, Ramirez R (2008) Information technology innovation diffusion: an information requirements paradigm.

Info Sys J 18(3):247–273
52. Metcalfe R (2007) It’s all in your head. Forbes 179(10):52–56
53. Nunnally JC (1978) Psychometric Theory, 2nd edn. McGraw-Hill, New York
54. O’Leary-Kelly SW, Vokurka RJ (1998) The empirical assessment of construct validity. J Oper Mngt 16(4):387–405
55. Ozdemir ZD, Abrevaya JI (2007) Adoption of technology-mediated distance education: a longitudinal analysis. Info

& Mngt 9(5):467–479
56. Parthasarathy M, Bhattacherjee A (1998) Understanding post-adoption behavior in the context of online services.

Info Sys Res 9(4):362–379
57. Pedhazur EJ, Schmelkin LP (1991) Measurement, Design, and Analysis: An Integrated Approach. Lawrence

Erlbaum, Hillsdale, NJ
58. Piercy N (2009) Positive management of marketing-operations relationships: the case of an Internet retail SME. J

Mrkt Mngt 25(5/6):551–570
59. Ping RAJ (1995) A parsimonious estimating technique for interaction and quadratic latent variables. J Mrkt Res

32(3):336–347
60. Premkumar G, Ramamurthy K, Nilakanta S (1994) Implementation of electronic data interchange: an innovation

diffusion perspective. J Mngt Info Sys 11(2):157–186
61. Riggins FJ, Kriebel CH, Mukhopadhyay T (1994) The growth of interorganizational systems in the presence of

network externalities. Mngt Sci 40(8):984–998
62. Rogers EM (1991) The Critical Mass in the Diffusion of Interactive Technologies in Organizations. In: The Information

Systems Research Challenge: Survey Research Methods. Harvard Business School Press, Cambridge, MA
63. Rogers EM (2003) Diffusion of Innovations, 5th edn. Free Press, New York, NY
64. Sahav A, Riley D (2003) The role of resource access, market considerations, and the nature of innovation in pursuit

of standards in the new product development process. J Prod Innovation Mngt 20(5):338–355
65. Sarker S, Valachich JS (2010) An alternative to methodological individualism: a non-reductionist approach to studying

technology adoption by groups. MIS Quart 34(4):779–808
66. Sharma A, Citurs A, Konsynski BR (2007) Strategic and Institutional Perspectives in the Adoption and Early

Integration of Radio Frequency Identification (RFID): Presented at the 40th Hawaii International Conference on
Systems Science (CD-ROM), Waikoloa, HI

67. Slone RE, Dittmann JP, Mentzer JT (2010) The New Supply Chain Agenda Boston. Harvard Business School Press, Boston
68. Song M, Parry ME, Kawakami T (2009) Incorporating network externalities into the technology acceptance model.

J Prod Innovation Mngt 26(3):291–307
69. Souza-Monteiro DM, Caswell JA (2010) The economics of voluntary traceability in multi-ingredient food chains.

Agribus 26(1):122–142
70. Stratman JK (2007) Realizing benefits from enterprise resource planning: does strategic focus matter? Prod & Oper

Mngt 16(2):203–216

Gu et al. International Journal of Quality Innovation  (2015) 1:6 Page 16 of 17



71. Straub D (1989) Validating instruments in MIS research. MIS Quart 13(2):147–169
72. Teo HH, Wei KK, Benbasat I (2003) Predicting intention to adopt interorganizational linkages: an institutional

perspective. MIS Quart 27(1):19–49
73. Thong JYL (1999) An integrated model of information systems adoption in small businesses. J Mngt Info Sys

15(4):187–214
74. Vickery SK, Droge C, Markland RR (1993) Production competence and business strategy: do they affect business

performance? Dec Sci 24(3):435–456
75. Wang P (2010) Chasing the hottest IT: effects of information technology fashion on organizations. MIS Quart

34(1):63–85
76. Wareham J, Mathiassen L, Rai A, Straub D, Klein R (2005) The business value of digital supply networks: a program

of research on the impacts of globalization. J Intern Mngt 11(2):201–227
77. Weitzel T, Beimborn D, Konig W (2006) A unified economic model of standard difusion: the impact of

standardization cost, network effects, and network topology. MIS Quart 30(August):489–514
78. Zhu K, Kraemer KL, Gurbaxani V, Xin Xu S (2006) Migration to open-standard interorganizational systems: network

effects, switching costs, and path dependency. MIS Quart 30:515–539
79. Zigurs I, Buckland BK (1998) A theory of task/technology fit and group support systems effectiveness. MIS Quart

22(3):313–334

Submit your manuscript to a 
journal and benefi t from:

7 Convenient online submission

7 Rigorous peer review

7 Immediate publication on acceptance

7 Open access: articles freely available online

7 High visibility within the fi eld

7 Retaining the copyright to your article

    Submit your next manuscript at 7 springeropen.com

Gu et al. International Journal of Quality Innovation  (2015) 1:6 Page 17 of 17


	University of Nebraska - Lincoln
	DigitalCommons@University of Nebraska - Lincoln
	2015

	Diffusion of innovation: customer relationship management adoption in supply chain organizations
	Vicky Ching Gu
	Marc J. Schniederjans
	Qing Cao

	Abstract
	Background
	Literature review
	Research model and hypotheses development
	Research model design
	TTF model
	Network externalities

	Methods
	Sample
	Questionnaire construction and operationalization of constructs
	Instrument validation
	The structural model

	Results
	Discussion
	Limitations and future research
	Competing interests
	Authors’ contributions
	Author details
	References

